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Introduction
Innovation is costly and risky but could prove highly rewarding. Firms often need to decide how much they should invest in innovation. As new products are expected to increase revenues, such announcements should convey positive information on the firm's future prospects, and markets should credit such announcements. Prior studies confirm this, suggesting that new product announcements have positive wealth effects for announcers 1 (see Chaney et al., 1991; Chaney and Devinney, 1992; Koku et al., 1997; Bayus et al., 2003; Sood and Tellis, 2009 ) and negative effects on their rivals (Zantout and Chaganti, 1996; Chen et al., 2005) . However, we suggest that not every new product announcement creates shareholder value in this manner. The rationale behind this argument is that the wording of an announcement is likely to have a differential bearing on investors' decisions. Applying textual analysis to news reports on new product announcements in the financial press, we find that the stock market only responds positively to those announcements containing positive words. When there are no positive words in the announcement, then no significant impact on the announcer's stock price is observed. The results sharply contradict prior work regarding the positive wealth effects accruing to announcers from new product launches. More important, the evidence suggests that the linguistic content of media endorsements is important in determining the success of announcements of new products.
Previous studies collect the dates of announcements without considering how the news is reported. 2 However, a plethora of recent research in the field of behavioral finance has documented the prominent role of financial newspapers in market reactions (e.g., Tetlock, 2007; Tetlock et al., 2008 in the US, Griffin et al., 2011 in 1 Other studies examine the stock market's reaction to activities prior to a new product launch, such as R&D activities (Doukas and Switzer, 1992) .
3 international markets). In particular, this line of research demonstrates that the tone of news has a significant impact on stock returns. Furthermore, results indicate that journalists' reporting styles have a significant impact on investor behavior (see Dougal et al., 2012) . Overall, this research 3 demonstrates that investors are not always rational, and hence sentiment does indeed matter and affects the prevailing market price. 4 As a result, previous studies that consider the announcement dates of new products without examining both the content and tone of the announcement itself might mistakenly conclude that the positive effect of new product announcements is driven by the event, rather than being due to the linguistic content. To fill this gap, this paper examines how the market reacts to the informational content of new product announcements. To the best of our knowledge, this is the first paper to examine the stock market's reaction to the textual tone of new product announcements.
The announcements of new products not only affect the market value of the respective firm; studies also demonstrate that such announcements simultaneously have effects on the firm's peers (see Zantout and Chaganti, 1996; Chen et al., 2005) . Such results are consistent with the market substitution/business-stealing hypothesis, which maintains that new products substitute for existing alternatives in the marketplace offered by rival firms, and this, therefore, explains the adverse impact on rival firm stock prices. Alternatively, a competing hypothesis concerning the effect of new product introductions on rivals -the market expansion effect -suggests that new products could expand the size of the market and benefit rival firms with similar products. As a result, we should be able to observe positive market reactions in rivals'
share prices (see Mahajan et al., 1993) . As the existing literature has yet to be able to provide coherent evidence to support either the market substitution or market expansion effect, this paper attempts to contribute to this field by examining the 3 Interested readers are referred to Subrahmanyam (2008) for an excellent review of the behavioral finance literature. 4 Previous literature shows that sentiment affects stock prices (Baker and Wurgler, 2006) and exchange rate fluctuations (Haiden et al., 2011) .
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competing hypotheses using new product announcements in the UK. In addition, we attempt to examine how the linguistic content of new product announcements affects the spillover effect on rival firms.
Using new product announcements manually collected from financial newspapers (namely the Financial Times and The Times) 5 , we are able to identify the date and content of the announcements. Our sample consists of 270 new product announcements made by all FTSE All Share firms between 1980 and 2010. We find that, consistent with previous studies, firms with new product announcements in the press earn an average excess return of 1.1% over a three-day period centered on the announcement day. To assess the impact of the linguistic content of these announcements in this return generation, we divide the original sample into two sub-samples -namely announcements that contain positive words in the first group and announcements that are considered positive-neutral. New product announcements that do not contain any positive words (POS = 0) are defined as positive-neutral announcements. Alternatively, if the content of new product announcements includes positive words, these are defined as positive announcements (POS > 0). We find that positive announcements are associated with significant stock price increases. However, the evidence reveals that positive-neutral announcements have no significant impact on the stock price of the announcing firm. This finding indicates that not every new product announcement leads to a positive market reaction. This result in itself contradicts the previous literature.
Using the same method as for the definition of announcements with positive word content, we define new product announcements without negative content as negative-neutral announcements (NEG = 0) and those with negative word content as negative announcements (NEG > 0). The findings of this analysis reveal that there is no significant difference between negative and negative-neutral announcements.
5 While these announcements might not represent a complete list of new products introduced in the UK, such a sample is considered representative of announcements that are more likely to have wealth effects for announcers.
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However, we find significant differences between the two groups when we restrict our sample to the announcements of new products that are not contaminated by other news five days before and after the date of a new product announcement. As a result, both positive announcements and negative-neutral announcements have positive wealth effects for announcers.
Additionally, consistent with prior studies, the results indicate that firms with new product announcements experience a significant return advantage relative to their rival firms. However, the return advantage is concentrated on positive announcements (POS > 0). In other words, the return advantage of announcing firms over their rival firms is amplified by the linguistic content of the new product announcement. This evidence provides additional support for the proposition regarding the market substitution effect (i.e., Mahajan et al., 1993) . This novel result reinforces our previous findings that investors react to the linguistic content of the new product announcements and not the event itself, as has been previously proposed in the existing literature.
As a robustness check, we examine the announcement effects using different event windows while also controlling for whether the news is contaminated by other news (i.e., firms may make other announcements five days before and five days after the new product announcement date). To reduce the likelihood that our results are driven by a specific benchmark method regarding risk adjustment, we estimate abnormal returns using alterative measures. These new results are insensitive to the choice of benchmark.
This paper makes a threefold contribution to the existing literature. First, it enriches the existing literature on the market reaction to new product announcements by providing evidence outside of the US market. Our results indicate that new product announcements in the UK generate excess returns of as high as 2.23% over the three-day announcement period surrounding the announcement date.
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Second, unlike the previous literature that ignores the textual and tonal content of new product announcements, our evidence reveals that not every product announcement creates a significant wealth effect for the stockholders of the announcing firm. In particular, using textual analysis, we document the importance of linguistic content in determining asset prices (i.e., optimistic media content is found to be associated with positive stock market reactions). This finding contrasts with prior results, which tend to indicate that only negative sentiment affects stock returns (e.g., Tetlock, 2007; Engleberg, 2008; Kothari et al., 2008) . Our results, consistent with the recent work of Jegadeesh and Wu (2011) , highlight the important role of the positive word content of corporate announcements on stock prices. We also demonstrate that the linguistic content of new product announcements not only affects the stock price of the announcing firm, but the announcing firm also experiences a significant return advantage relative to its rival firms.
Finally, we demonstrate that the media's choice of linguistic tone affects both stock prices and investor expectations. We show that the positive announcements of new products are associated with a higher Google Search Volume Index (SVI), suggesting that it is positive content that attracts investor attention.
Our results also contribute to recent efforts concerning the role of media bias in financial markets. Gentzkow and Shapiro (2006) demonstrate that a media firm with reputational concerns will distort information to conform to consumers' prior beliefs whenever the outcomes of the announcement are difficult to observe. Gurun (2011) reports that firms employing a 'media expert' receive greater media coverage and a better slant. In addition, he demonstrates that media experts help firms to secure better media management through hiring better public/investor relations firms i.e., press releases are covered more rapidly by the media. Butler and Gurun (2011) report evidence that when firms spend on local media for their advertising, they receive a less negative journalistic reporting of their news than when using non-local 7 companies. Finally, Solomon (2011) reveals that companies using investor relations firms to communicate with their target audience receive better investor attention. This paper contributes to this literature by highlighting the importance of active media management in ensuring the use of positive words when communicating new product announcements to the market to create a positive wealth effect for the announcing firm.
The remainder of this paper is organized as follows. Section 2 discusses the related literature. Section 3 describes the data and methodology. Section 4 presents the empirical results. Section 5 concludes.
Related Literature
This study has its origins in the growing interface between the marketing and finance literatures. First, the paper builds on the product innovation field of the marketing literature. Second, it contributes to the growing finance literature concerning market reactions to the textual content of information communicated via newspapers. We begin this section by discussing the prior literature on product innovation and then present the existing literature on the textual content of media-based product announcements and, in particular, its impact in the context of financial markets.
New Product Announcements
One of the earliest studies to examine the impact of new product announcements on stock returns was that of Eddy and Saunders (1980) , in which no evidence of significant gains for shareholders was observed in response to new product announcements using monthly returns. However, the use of monthly returns makes it rather difficult to identify or isolate the impact of a specific event on stock prices, as the impact is smoothed out over the monthly period. Wittink et al. (1982) , in contrast, realizing the limitation of employing daily returns, specifically examine the impact of new product announcements on stock prices for firms in the computer and office machines business between 1979 and 1980 and find only a slight positive reaction to 8 the announcement of new products. These two studies, however, are subject to limitations associated with either estimation bias or sample size, relying on very brief sample periods.
Conducting a more comprehensive analysis, Chaney et al. (1991) studied the announcements of new products using a larger sample of firms during the period from 1975 to 1984. The authors of this study found that the initial original release of a new product (i.e., the first time an original product is introduced in the market) has a significant effect on stock returns relative to product updates (a product that has been previously introduced in the market that is supplemented with an updated version, for example Apple's iPad 2 and the initial, original product -the iPad).
In a related work, Koku et al. (1997) illustrate that the effect of the stock market's reaction to new product announcements documented in previous studies could be contaminated by the effect of product pre-announcements. Thus, it is imperative to differentiate between the effects of pre-announcements and official announcements.
More recently, Sood and Tellis (2009) demonstrate that returns to the announcements of new products are higher for small firms than for large firms, while firms that concentrate on fewer technologies rather than many also enjoy higher returns.
Instead of considering the announcement effects of new product introductions on the announcing firms, other studies investigate the impact of a new product announcement on a rival's firm value. Chen et al. (2005) examine the impact of a new product announcement on rival firms and find that the latter experience a small but significant negative wealth effect. Their findings are consistent with the market substitution effect, whereby announcing firms can benefit from new product introductions that attract business by increasing their market share at the expense of their rival firms. In addition, Fosfuri and Giarratana (2009) , using the case of Coca-Cola and Pepsi to examine how a new product announcement could affect the market value of a rival firm, obtain similar results and demonstrate that a new product 9 announcement has an adverse effect on the rival's market value.
The Role of Media
The role of media has received increasing attention in the finance literature in recent years. Busse and Green (2002) study the impact of CNBC company discussions on stock prices and trading in the minutes following TV reports and find that new information that was revealed during the CNBC discussion is rapidly incorporated into stock prices. Urrutia and Vu (1999) examine the impact of the inclusion of a firm on the cover page of the Business Week magazine on the covered firms' stock prices and volatility. Brody and Rees (1996) Carretta et al. (2011) study the impact of corporate governance press news on stock returns and find that news concerning ownership issues or changes in the board of directors has a negative impact on stock returns for profitable firms.
Recently, there has been growing research interest in how media sentiment relates to stock prices. Tetlock (2007) examines the market response to a column in the popular Wall Street Journal. Specifically, he creates a pessimism factor by categorizing negative words using the Harvard IV-4 dictionary and finds a negative association between short-term market reaction and pessimistic words and that such negative market reactions are corrected on subsequent dates. In addition, Tetlock et al. (2008) find that news reports in the media capture difficult-to-quantify soft information concerning a firm's fundamental value, which is then incorporated into stock prices.
Other studies reveal that investors mistakenly react to public news. Tetlock (2011) studies whether stock market investors appropriately distinguish between new and old information on public firms. His results indicate that individual investors increase their tendency to aggressively trade on news when news is stale. Therefore, individual investors occasionally fail to distinguish between old and new information in the news.
In addition, Engelberg and Parsons (2011) attempt to distinguish the causal impact of media reporting from the impact of the events being reported and demonstrate that investors' buying and selling activity is related to local newspaper stories/reports.
Their results also demonstrate that the behavior of investors with access to different media coverage of a given information event differs. Thus, differential media coverage appears to offer an explanation for agents' heterogeneous views.
In summary, this paper builds on the interface between the marketing and finance literatures to examine the market's reaction to new product announcements and whether this reaction is uniform across both optimistic and pessimistic new product media reports.
Data and Methodology

Data
The announcement date of a new product is collected manually from the Factiva database. We employ the Factiva indexing codes to search for all articles on the various companies in question. The articles are sourced from two major UK business and finance newspapers, the Financial Times and The Times. 6 We collect news articles that mention the company in either the headline or the lead paragraph. We read several thousand news items relating to firms listed on the FTSE All Share index (both live and dead companies) to determine the date on which the product announcement appears in the news. We only include a product that is introduced in the market for the first time and exclude those products that remain in the early developmental stages (i.e., preannouncements of new products 7 ). Furthermore, we exclude new services or financial products, which do not share the same R&D process as manufacturing products and hence do not share the same innovation costs.
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Following this process, a typical news article classified as a product introduction will include both the name of the firm and a brief description of the product itself (see the Appendix for an example).
We match the company names from the Factiva news database with financial datanotably share price and market value information -extracted from DataStream. The study spans a thirty-year period between January 1981 and December 2010. This choice of sample period was primarily guided by the availability of press news data from Factiva. The final sample contains 270 new product announcements made by 94 different firms. Table 1 reports the number of product announcements used in this study. 7 See Koku et al. (1997) for a discussion on the preannouncement effect and how this effect differs from the effect of new product announcements.
8 We manually read all articles to ensure that positive announcement news items (POS>0) actually contain a positive signal and negative news items (NEG>0) actually contain a negative signal. All articles with a mixed sentiment are excluded from the sample. representing the smallest and the second-smallest firm sizes of announcing firms since 1985, suggesting that larger firms will tend to avoid new product introductions after a market downturn. Alternatively, small firms, which are more dependent on new products for survival (Chaney et al., 1991) , continue to introduce new products during a market downturn. Table 1 above here* products. Table 2 above here*
*Insert
The Tone of News Coverage
Numerous studies employ a media-based, firm-level sentiment metric using the Harvard IV-4 dictionary to categorize words featuring in news articles (see Tetlock, 2007) . However, Loughran and McDonald (2011) 
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media coverage by counting the number of news articles pertaining to every firm that appeared daily.
Event study
The performance of the product initiation firm is measured by both the short-run and long-run abnormal returns (AR) generated by the announcement of the product's official launch. The short-run analysis centers on a five-day window employing the Market Adjusted Abnormal Return approach (Seiler 2004; Brown and Warner, 1985) , while the long run is assessed using the Buy-and-Hold Abnormal Return (BHAR) approach favored by Buchheim et al. (2001) . The analyses are intended to determine the short-run market reactions with respect to ARs generated before determining whether the short-run ARs translate into long-run gains for the shareholders.
We estimate abnormal returns to the event using a number of methods. First, daily excess returns are computed for each firm around the event date. The event date refers to the date on which the new product is announced (t=0) in the Financial Times or The
Times. The excess return for stock i on day t is calculated using the following equation:
where, R it is the return on stock i on day t while R mt is the return on the FTSE All Share index on day t. Correspondingly, AR it is the abnormal return on stock i on day t.
We also report the abnormal returns on the day of the announcement using the market-adjusted return model. Brown and Warner (1985) demonstrate that the market-adjusted returns method is as efficient as other models in detecting abnormal returns associated with given events. The market-adjusted returns (ε it ) are calculated using the following equation:
where, R it is the return on stock i on day t and R mt is the return on the FTSE All Share index on day t. The parameters α i and β i are the market model parameters estimated using a period of 252 trading days prior to the event window.
In addition, we estimate the abnormal returns generated by the event using the Fama-French 3-factor model as introduced by Fama and French (1993) . 11 We estimate the parameters of Equation (3) using an estimation period of 252 trading days prior to the event window.
The Fama and French three-factor model is defined as follows:
where, for month t, R it is the return on stock i at time t; R ft is the monthly Treasury bill return; R mt is the total return on the FTSE All Share index; SMB t is the difference in the returns of a value-weighted portfolio of small stocks minus large stocks; and HML t is the difference in returns of a value-weighted portfolio of high book-to-market stocks minus low book-to-market stocks.
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We then compute the abnormal returns using the following equation:
The daily abnormal returns are cumulated over the n-day event window. The
Cumulative Abnormal Returns (CAR) for each event are given by the risk-adjusted 11 The daily SMB and HML factors are constructed following the procedure of Fama and French (1993) .
12 We also investigated the long-run performance of the product-launching firm following the referee's suggestion and attempted to compute the BHAR long-run return using different benchmarks such as the FamaFrench method, matching firm method, and the calendar time portfolio method (12, 24 and 36 months). However, we were unable to find any significant result. Relative to other major corporate events, such as M&A, SEO or IPOs, a product launch has less of an impact on a firm's long-run performance. Previous empirical studies such as those of Butler and Gurun (2011), Chaney et al. (1992) , and Chen et al. (2012) all exclusively focus on short-run analyses.
returns, defined as CAR (x,y) , which relates to the difference between the stock's realized return during days (x,y) and the expected stock returns as defined according to the Fama-French (1993) three-factor model:
Cross-sectional Analysis
To examine the influence of the textual tone of the news on the stock price of the new product announcing firm, we estimate the effect of positive and negative words on the CARs generated using pooled ordinary least squares (OLS) regressions. Our main specification is as follows:
CAR (-2,+2) = α i + β 1 POS +β 2 NEG +β 3 MC +β 4 ln(SIZE) +β 5 ln(AGE) +β 6 PLC +β 7 POS*SIZE +β 8 POS*AGE +β 9 FREQUENT+ε i (7) where, CAR (-2,+2) is the cumulative abnormal returns from two days before the announcement to two days after. POS (NEG) is the sum of the number of positive (negative) words in a news article's headline and body divided by the sum of the total number of words in the headline and body, in line with Tetlock (2007) . In addition, Fang and Peress (2009) demonstrate that firms with high media coverage earn lower future returns than firms receiving low media coverage. To control for such return patterns, we include media coverage (MC), measured by the number of news articles written about the new product announcing company, as a control variable for our media tone measures.
Previous studies suggest that product innovation is more necessary for the survival of small firms. Therefore, the announcements of new products should be more pronounced for smaller firms (see Chaney et al., 1991; Chen et al., 2005) . We therefore include a firm's size (SIZE) in our regression specifications, measured as a 16 firm's market capitalization at the announcement date.
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Prevailing (positive) experience of launching new products could be vital to the success of the announcer, and as a result, we employ two variables -the age of the firm (AGE) and a variable to control for frequent announcers (FREQUENT), to capture the product-launching experience of a firm. AGE is calculated as the number of days from the date of the IPO to the date of the new product announcement.
FREQUENT is a dummy variable that equals 1 if the number of new product announcements by announcers during the sample period is more than one and zero otherwise, as in Chaney et al. (1991) and Chen et al. (2002) . Chaney et al. (1991) suggest that industries that are technologically based, such as computer hardware and software products, require product innovations to survive given the shorter life cycles of these products (Sorescu et al., 2007) . We therefore create a product life cycle (PLC) dummy variable that takes the value of 1 for the Technology and Telecommunications industries (see Table 2 for industry classifications), precisely the industries that have short product life cycles, and zero otherwise. In addition, to examine the interaction effect between the positive tone (POS) and firm size (SIZE) measures, we introduce an interaction dummy called POS*SIZE that captures the combined effect of both variables on the abnormal returns of announcing firms.
To reduce the likelihood that our results are driven by any benchmark methods related to risk adjustment, we run three sets of regressions in which we use market-adjusted returns, the market model, and the Fama-French three-factor model as the benchmarks for expected returns.
Industry Rivals
To more closely capture the effects of new product announcements on a firm's rivals, we employ the industry classification according to the DataStream FTSE Level 4 industries, 14 which contains 25 industries. Similar to the main event study, defined in the prior section, we calculate the CAR of the industry rivals in an equally weighted portfolio of our sample firms, based on the market-adjusted abnormal returns in percentage terms, and compare these to the performance of the announcing firms. In selecting the rival firms, we exclude other announcements within the industry group to allow us to isolate the effect of the share price response of the industry rivals from announcing firms in the same industry. Table 2 for industry classifications) and zero otherwise. FREQUENT equals 1 for frequent announcers and zero for single-product announcements during our sample period. industries. 15 We also consider the actual number of announcements (i.e., 1,2,3,4) for the FREQUENT variable following Chaney et al. (1991) and Chen et al. (2002) , and the results are consistent with those obtained with the dummy variable measure.
Empirical Results
In this section, we investigate stock market reactions to the informational content of new product announcements. We begin by examining whether the market reacts positively to new product announcements. The objective is to determine whether the linguistic content of the announcement has a distinct impact on stock returns. That is, whether there is an asymmetric response to the positive and negative textual content of the news reports. If so, the next question we address is whether the market accounts for any other news apart from that concerning the product launch.
Market Reaction to New Product Announcements
We begin by examining how the market reacts to new product announcements. Table   3 presents the summary statistics for all of the variables used in the analysis and the CARs. Consistent with the view that new product announcements have a positive impact on returns, the results reveal that, for the three-day event window centered on the announcement date, new product announcements generate an average market-adjusted abnormal return of 1.1%. The results computed over other event windows are consistent with the findings from this three-day event window. 16 This finding indicates that, on average, new product announcements are associated with a significant wealth effect for the shareholders of announcers. In addition, the mean 30-day announcement-period CAR (-1, +30) is 1.61%, suggesting that the announcement effect does not reverse 30 days after the announcement date.
Previous studies suggest that new product announcements have a small but significant negative impact on the market values of industry rival firms. Chen et al. (2005) document an average loss of 0.12% to industry rivals during a two-day announcement 16 CAR (-2,+2) and CAR (-3,+3) are 1.23% and 1.7%, respectively. In addition, we also calculate abnormal returns using the market model and the Fama and French three-factor model. Both estimations generate slightly higher
CARs, but the overall picture remains unchanged. Unreported results are available upon request.
period (-1, 0). We also examine how industry rivals perform during the period surrounding an announcement from product launching firms. Overall, the positive announcement effect of a new product introduction appears to be strong, regardless of which measure of abnormal returns or short-term event window is used. These findings are consistent with those of previous studies (see Chaney et al., 1991; Chaney and Devinney, 1992; Koku et al., 1997; Bayus et al., 2003; Sood and Tellis, 2009) , which indicate that new product announcements have a positive and significant impact on stock returns. However, our findings thus far are inconsistent with Chen et al. (2005) regarding the lack of a negative impact on industry rivals in response to a new product announcement. Table 3 about here*
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Market Reaction to the Textual Content of New Product Announcements
In the previous section, we demonstrated that there is a positive association between new product announcements and stock returns. In this section, given the increasing use of textual analysis in finance and the emerging evidence from this strand of the literature indicating that positive and negative wordings embedded in the content of 20 press releases/news lead to a significant market reaction, we perform a text-based analysis to examine how the stock market reacts to the positive and negative content of the new product announcements. Table 4 reports the short-term abnormal returns surrounding new product announcements sorted by the positive and negative wordings of these announcements.
First, we divide our sample based on news that contains positive words (163 observations) and news that does not contain positive words (107 observations). We then examine, in each portfolio, the abnormal returns surrounding the dates of new product announcements. Panel A in Table 4 reports market-adjusted abnormal returns.
The findings suggest that new product announcement news articles with positive word content earn, on average, an excess return 2.46% higher than similar announcements without any positive words over a three-day period (days -1 to 1). The difference is statistically significant at the 1% level. In contrast, the difference between new product announcement news items with and without negative word content is statistically insignificant at conventional levels. Moreover, the difference between the new product announcements with positive and negative wording over a three-day period is 1.19%, statistically significant at the 10% level. These results demonstrate that the market's reaction is influenced by the positive word content of new product announcements. This result is consistent with Jegadeesh and Wu (2011) , who stress the important role of the positive word content in corporate announcements on stock prices, but inconsistent with other studies (e.g., Tetlock, 2007; Engleberg, 2008; Kothari et al., 2008) reporting that negative words have a strong impact on stock Table 5 reports the short-term abnormal returns surrounding new product announcements with positive words in the textual content (POS > 0). The results indicate that the impact of new product announcements on stock prices is very similar for both groups The difference between firms with additional news events and those without appears to be stronger in CAR (-2, +2) and CAR (-3, +3) but is economically and statistically insignificant, suggesting that the announcement effects of new products are not severely contaminated by any additional announcements. In addition, the results indicate that announcements without positive words (POS = 0) continue to fail to be associated with any significant wealth effects for announcing firms in both 23 sub-groups (i.e., with or without additional events). Overall, the new results suggest that the positive association between the announcements of new products and the stock prices remains strong when the announcements of the new products are free from any effects occasioned by additional events.
Panel B in Table 5 reports the results concerning announcements with negative words.
Again, the full sample is first divided into the two sub-samples: No Additional News and Additional News. As before, each of the portfolios is divided into two additional portfolios based on whether the announcements of these new products contained negative words (NEG > 0) or did not (NEG = 0). The findings suggest that news items without negative words earn higher abnormal returns than news items with negative words. This pattern is concentrated within the portfolio that is free from any additional news events. This is consistent with our previous findings, which show that announcements without any negative words (NEG = 0) are, on average, associated with more positive announcement returns than new product announcements with negative words (NEG > 0). Therefore, we conclude that the market reacts more positively to news that is uncontaminated by other events surrounding the introduction of new products. Table 5 about here*
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Multivariate Analysis
To examine the influence of the textual tone of the news associated with the introduction of new products on the announcing firm's market reaction, we conduct a series of regressions and control for additional predictors. The results are reported in this section. This section also serves as a robustness check of the event analysis employed in the previous sections of this work. In particular, we estimate the relationship between the CARs over the (-2, 2) event window with positive/negative words using pooled ordinary least squares (OLS) regressions (Equation 7) 18 . Table 6 reports the coefficients of regressions in which the dependent variable, CAR(-2,+2), is regressed on the positive/negative content metrics of the new product announcements. The results of Model 1 indicate that new product announcements that receive news coverage with positive word content exert a positive and significant effect on the shareholder value of the announcing firm. Consistent with our earlier findings, the coefficient of POS is 0.747, significant at the 10% level. The coefficient of NEG is negative but insignificant, thereby reinforcing the view that investors do not react significantly to reports with negative word content or that lack negative words. The coefficient of AGE is statistically significant and negative, suggesting that younger firms initiating new products realize significant abnormal gains when their new products receive positive media coverage (endorsement). This is consistent with Chaney et al. (1991) , who find that smaller firms, and in most cases younger firms, rely more on product innovation. In addition, we find an insignificant relationship between CAR(-2,+2), and product announcement frequency, FREQUENT, suggesting that firms with frequent product announcements do not realize significant abnormal returns.
Model 2 includes firm size (SIZE) and media coverage (MC) as control variables in the regression. Our main result is robust, as the coefficient of POS remains significantly positive while the NEG continues to enter the regression with an insignificant and negative coefficient. The results, however, reveal that after controlling for size, the negative impact of firm age on abnormal returns disappears.
The coefficient of SIZE is -0.0104 with a significant t-value of -4.16.
Model 3 in Table 6 includes two interaction variables, POS*AGE and POS*SIZE. 19 As before, the coefficient of POS remains positive and significant at the 5% level.
The interaction results demonstrate that the coefficient of the interaction term 19 Larger and well-established firms should have more sophisticated media strategies and should therefore receive more positive news following a product announcement thanks to their marketing campaign.
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(POS*SIZE) is significantly negative, suggesting that smaller (larger) firms benefit more (less) from the positive content of the media articles. New product announcements by large firms do not appear to reverse the market's negative beliefs concerning their future prospects. The interaction term POS*AGE is statistically insignificant, suggesting that the effect of firm age is subsumed by firm size.
To examine whether our results are sensitive to the abnormal return measure employed thus far, we replicate the previous regression analysis by estimating abnormal returns based on the market model. Using the specifications of models 1 to 3, the new regressions 4 to 6 reveal that our results remain unchanged. Most notably, the POS continues to be the key explanatory variable and enters the regressions with positive and statistically significant coefficients.
The last set of regressions, 7 to 9, use abnormal returns that are based on the Fama-French three-factor model. These results again are very similar to models 1 to 3. One key difference is that the coefficient on NEG becomes significantly negative at the 10% level, taking on a value of -0.99. This finding suggests that after controlling for firm-specific characteristics, a negative announcement has a slight reverse impact on a firm's market value. In summary, consistent with our previous findings, these results provide additional support for the view that news reports with positive word content play a significant role in raising the market value of the firm when it launches a new product in the market, regardless of which risk-adjusted method is used. Table 6 around here*
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The Tone of News and Google SVI
Previous sections demonstrate that investors react positively to new product announcement articles that contain positive words, but they do not appear to be significantly influenced by news reports with negative word content. This implies that investors pay greater attention to new product announcements that inspire positive word coverage in news reports. That is, new product announcements with positive word content should trigger greater investor attention. In this section, we examine the 26 market's asymmetric reaction to positive and negative wording tones from the investor attention perspective. Da et al. (2011) are the first to employ the Google Search Volume Index (SVI) to proxy for investor attention. They suggest that when investors search for a particular stock on Google, they do so because it has attracted their attention. Therefore, the intuition is that the higher the SVI, the more investor attention is attracted. Following Da et al. (2011) Table 7 about here*
Industry Rivals
In this section, we examine the market response to a new product announcement for both announcing firms and their rivals. we selected a 2-day window to calculate CAR. However, we also used a 5-day window, and the result is consistent with those obtained with the 2-day measure. 21 Table 8 reports results for an equally weighted portfolio of all firms in the same industry. We also computed the result using a value-weighted portfolio, as shown in the table below, and the results are generally consistent with our main table. We therefore only present the main table in this paper.
28
and Technology Hardware & Equipment. This is consistent with Chaney et al. (1991) , who argue that the market competitiveness in these industries relies on product innovation, and therefore, rival firms tend to suffer significantly when their competitors release new products.
*Insert Table 8 about here*
As the previous evidence suggests that the linguistic content of the new product announcements has a distinct influence on the share prices of announcing firms, in this section we examine its impact on the share prices of rival firms. The results in Table 9 Table 9 , is observed when we divide the sample into negative and negative-neutral
announcements. The results demonstrate that negative-neutral announcements are associated with significantly higher abnormal returns than their rivals, again for the TECH firms only. Overall, the evidence reveals that announcements containing more positive word content, both positive announcements and negative-neutral announcements, result in significantly stronger market reactions for announcing firms, in particular TECH firms, than their rival firms. Table 9 about here*
*Insert
Market Substitution Effect vs. Market Expansion Effect
As discussed above, the market substitution effect suggests that announcing firms can benefit from new product introductions that attract business by increasing their market shares at the expense of their rival firms. Conversely, the market expansion effect 29 suggests that new products could expand the size of the market and benefit rival firms offering similar products, and as a result, we should be able to observe positive market reactions in rivals' share prices. To perform a formal test of the competing hypotheses, we conduct a multivariate test, following Chen et al. (2005) , in Table 10 to empirically assess these effects at a new product launch.
Our empirical results support the market substitution effect, as we observe a significant, negative correlation between industry rivals' 2-day CARs with the product launching firm that received positive media sentiment. In this respect, the coefficient (-6.6250 ) is significant at the 5% level for the interaction variable POS*ACAR.
22
This relationship is more pronounced in the high-tech industry, as the industry is heavily reliant on product innovation. 23 Model 2 includes two interaction variables that indicate partial support for the market expansion effects for rival firms, but other firms in the same industry experience market substitution effects following positive announcements. Positive words produce market substitution effects for other firms in the same industry. Table 10 about here*
24
*Insert
Conclusion
22 The positive correlation between ICAR and ACAR represents partial support for the market expansion effect, but while significant, the coefficient (0.1589) is much smaller than for the relationship above. 23 We also attempted to include the non-tech firms in the regression, but the result is insignificant, and we therefore removed it from the main table.
24 As previous evidence suggests that the linguistic content of the new product announcements has a distinct influence on the share prices of announcing firms, we examine its impact on the share prices of rival firms. The results indicate that announcing firms realize significant positive share price gains relative to their rivals when the announcement word content is positive (POS > 0) in news reporting. In contrast, there is an insignificant abnormal return difference between announcing firms and their rivals when the new product launches are not covered with any positive words (POS = 0) in news reports.
Overall, the evidence reveals that announcements containing more positive word content, both positive announcements and negative-neutral announcements, result in significantly stronger market reactions for announcing firms than their rival firms. We did not include this table to conserve space; the results are available upon request.
Numerous studies have documented that new product introductions create positive wealth effects for firms (see Chaney et al., 1991; Chaney and Devinney, 1992; Koku et al., 1997; Bayus et al., 2003; Sood and Tellis, 2009 ) and allow innovators to remain at the cutting edge, creating a threat to rivals (Zantout and Chaganti, 1996; Chen et al., 2005) . In this paper, we examine whether investors' reactions to new product announcements are affected by the linguistic content of financial newspaper reports on such announcements. Using textual analysis, our objective is to examine whether the linguistic content of media coverage plays an important role in shaping investors' decisions.
Consistent with the previous literature, we document that firms introducing new products realize significant abnormal gains following the announcement. Contrary to the previous literature, our results demonstrate that the linguistic content of financial newspaper reports exerts an important influence on investors' decisions. Specifically, we find that the new product announcement gains are only associated with newspaper reports containing positive word content (positive announcements) in the announcement. However, new product announcements that receive neutral coverage in the financial press do not realize significant abnormal returns. In addition, our evidence reveals that the return advantage enjoyed by announcing firms relative to their rival firms is linked to newspaper textual coverage with positive word content, and this effect is exclusively concentrated among the technologically based firms.
In addition, we find evidence to support the market expansion effect of new product announcements and that this effect is exclusively concentrated among technologically based firms. Furthermore, we find that positive words produce market substitution effects. Our results reconcile the inconsistency between the market expansion and market substitution effects of new product announcements and demonstrate that the linguistic (positive) content of newspaper reports influences the (negative) spillover effect on rival firms.
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More important, this paper contributes to the existing literature on active media management by demonstrating the importance of the linguistic content of newspaper reports in determining the market's reaction to the introduction of new products. Our evidence demonstrates that the way a corporate event (announcement) is covered in financial newspaper reports is more likely to influence the market's perceptions than the event itself. Finally, our findings appear to be consistent with the recent literature, which reveals that firms employ investor relations (IR) firms (Solomon, 2011) and media experts (Gurun, 2011) in an attempt to increase shareholder value by changing market perceptions.
Figure 1a Market-adjusted Abnormal Returns around New Product Announcements that Contain Positive Words
This figure shows the CARs in the 61-day event window (-30, 30) surrounding new product announcements that contain positive words (POS > 0) against announcements without any positive words (POS = 0).
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Figure 1b Market-adjusted Abnormal Returns around New Product Announcements that Contain Negative Words
This figure shows the CARs in the 61-day event window (-30, 30) surrounding new product announcements that contain negative words (NEG > 0) against announcements without any negative words (NEG = 0). 
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Table 3 Summary Statistics
This table reports the summary statistics for 270 new product announcements. POS (NEG) is the sum of the number of positive (negative) words in an article's headline and body divided by the sum of the total number of words in the headline and body. MEDIA COVERAGE (MC) is the number of news articles written about the announcement firm. SIZE is the market capitalization (in millions) of a firm at the announcement date. AGE is the number of days from the date of IPO to the date of new product announcement. CAR [-1, +1] is the cumulative abnormal (market adjusted) return in % over the window of [-1, +1] . Industry rivals are firms that are in the same industry as the announcement firms, excluding the announcers. The industries classification is based on the DataStream FTSE Level 4 industries. *, **, *** denotes Z-statistic significance at the 10, 5, and 1% level. This table reports the cumulative abnormal returns sorted by positive and negative word content. CARs are the mean cumulative abnormal returns in % calculated over different event windows. POS > 0 (NEG > 0) refers to a news article about a new product announcement that contains one or more than one positive (negative) word. POS = 0 (NEG = 0) refers to the news article about a new product announcement that contains no positive (negative) words. Words are classified as 'positive' and 'negative' as in Loughran and McDonald (2010) . Diff POS (NEG) is the mean difference of CARs between positive (negative) words and no positive (negative) words. Panel A reports market-adjusted abnormal returns. Panel B reports abnormal returns using the market model. Panel C reports abnormal returns using the Fama French three-factor model. *, **, *** denotes significance at the 10, 5, and 1% level. This table reports the cumulative abnormal returns sorted by positive and negative word content. CARs are the mean cumulative market-adjusted abnormal returns in % calculated over different event windows. POS > 0 (NEG >0) refers to a news article about a new product announcement that contains one or more than one positive (negative) word. POS = 0 (NEG = 0) refers to the news article about a new product announcement that contains no positive (negative) words. Difference POS (NEG) is the mean difference of CARs between positive (negative) words and no positive (negative) words. Panel A (B) reports CARs with Positive (Negative) Content. *, **, *** denotes significance at the 10, 5, and 1% level. CAR (-2,+2) = α i + β 1 POS +β 2 NEG +β 3 MC +β 4 ln(SIZE) +β 5 ln(AGE) +β 6 PLC +β 7 POS*SIZE +β 8 POS*AGE +β 9 FREQUENT+ε i The dependent variable is the cumulative market-adjusted abnormal returns two days before and two days after the new product announcement (CAR (-2,+2) ). POS (NEG) is the sum of the number of positive (negative) words in an article's headline and body divided by the sum of the total number of words in the headline and body. Media Coverage (MC) is the number of news articles written about the company. SIZE is the market capitalization of a firm at the announcement date. AGE is the number of days from the date of IPO to the date of new product announcement. Product life cycle (PLC) takes 1 for Technology and Telecommunications industries (see Table 2 for industry classifications) and zero for the rest. FREQUENT equals 1 for frequent announcers and zero for single-product announcement during our sample period. CONFOUND equals 1 if there are additional news events during the announcement period and otherwise zero. Robust standard errors are in parentheses. *, **, *** denotes significance at the 10, 5, and 1% level. Da et al. (2011) . "Positive" and "Negative" are measured by counting the number of positive and negative words according to the Loughran and McDonald (2011) dictionaries and dividing this by the total number of words of each article. "Pessimism" is the difference between the "Negative" and "Positive" variables. The median is used to divide the sample into low and high groups based on Positive (Panel A), Negative (Panel B) and Pessimism (Panel C). *, **, *** denotes significance at the 10, 5, and 1% level. This table reports The dependent variable is the cumulative market-adjusted abnormal returns two days before and two days after the new product announcement (CAR (0,1) ). POS (NEG) is the sum of the number of positive (negative) words in an article's headline and body divided by the sum of the total number of words in the headline and body. Media Coverage (MC) is the number of news articles written about the company.
SIZE is the market capitalization of a firm at the announcement date. AGE is the number of days from the date of IPO to the date of the new product announcement. Product life cycle (PLC) takes 1 for Technology and Telecommunications industries (see Table 2 for industry classifications) and zero for the rest. FREQUENT equals 1 for frequent announcers and zero for single-product announcement during our sample period. Robust standard errors are in parentheses. *, **, *** denotes significance at the 10, 5, and 1% level.
Independent Variables
Industry Rivals Returns (1) (2) (3) "This development will really open the doors to a whole new diverse range of services for the mobile cellular user", says Amedeo D'Angelo, De La Rue's managing director. "Using our solution, operators will be able to access new and profitable revenue streams by creating tailored services that they can target and download to the user. It transforms the phone from a communications device into an information source, generating a new platform for the convergence of cellular telephony with other industries, including banking".
The launch means that any of the hundreds of thousands of Java programs in the world can now write applications, which could run on a GSM telephone. Other manufacturers had announced proprietary solutions using their own operating systems and software, but De La Rue's system means that the possibilities are now increased by several orders of magnitude.
Sun, the computer company which developed and owns Java, is delighted. "This is good news for software developers and the industry at large", says Sun Microsystems' director of consumer transactions at Javasoft, Patrice Peyret. "By being based on Java, the De La Rue SIM toolkit will enable cellular phone users to take advantage of a broad new suite of services".
Mobile phone users will soon be given easy access to text-based information such as travel news, weather and stock exchange reports wherever they happen to be in the world. They will also be able to send and receive e-mail while on the move, following agreements between De La Rue and leading information providers GIN, Sendit and Posodie.
The Java platform means that users will be able to have several applications on one card and -with versatile dual-card telephones due to be launched shortly which could have more than one smart chip on each smart card -the range of potential uses is enormous. Now, say insiders at De La Rue, the main problem is going to be persuading the card issuer to allow others to download their applications on to the card. "It's a political, not a technical problem now -it needs the company which issues and owns the card to open up access to third parties", said one company executive.
Media Article with Negative Words
Title : Surgical Glove to Help Reduce Risks. The Financial Times 1993
A SURGICAL GLOVE designed to reduce risks of cross-infection is being launched today by London International Group. The glove has two layers. If the outer one is punctured and the inner one exposed to fluid, such as blood, it shows up green, alerting the surgeon to the puncture.
LIG, which also makes condoms and toiletries, is putting emphasis on new products at a time when group profits have been hit by losses at its photo-processing subsidiary. Last month Mr Tony Butterworth, LIG group executive took early retirement after Mr Alan Woltz, chairman, warned that profits in the first half of 1993 would be 'very substantially lower'. Studies suggest that surgeons cut their gloves in 40% of operations. Often they do not realize they have done so, exposing both surgeon and patient to risk of infection, such as from HIV or hepatitis.
